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CNN Architectures

Recap: Convolution Layer

× 5 × 5 + 1) × 6 = 456
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•
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LeNet-5

LeCun, Y., Bottou, L., Bengio, Y., & Haffner, P. (1998). Gradient-based learning applied to document recognition. Proceedings of the IEEE, 86(11), 2278-2324.
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Activation Functions
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• f(x) = max(0,x)
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Rectified Linear Unit (ReLU)
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Leaky ReLU
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Regularization

Regularization: Data Augmentation
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Automatic Data Augmentation

•
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Regularization: Dropout
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Regularization: Dropout
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ImageNet Large Scale Visual Recognition Challenge (ILSVRC) AlexNet: A Turning Point

•

•





Krizhevsky, Alex, Ilya Sutskever, and Geoffrey E. Hinton. "Imagenet classification with deep convolutional neural networks."

Advances in neural information processing systems 25 (2012).
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Visual Geometry Group’s (VGG) Model
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Inception Models

C. Szegedy et al., "Going deeper with convolutions," 2015 IEEE Conference on Computer Vision and Pattern Recognition (CVPR), 2015
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Vanishing Gradient Problem
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ResNet
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ImageNet Large Scale Visual Recognition Challenge (ILSVRC) winners Transfer Learning with CNNs
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Monitoring Training Performance
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MobileNet

https://youtu.be/vVaRhZXovbw?si=bUfg1EghtXno7rPX

H. Andrew et. al (2017). MobileNets: Efficient Convolutional Neural Networks for Mobile Vision Applications. 
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Reference: Lecture Notes of Fei-Fei Li, Ehsan Adeli

https://youtu.be/vVaRhZXovbw?si=bUfg1EghtXno7rPX

