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û(

s,
t)

nf̄
(t
)

m
(s
,t
)

E
xp

ec
te

d
nu

m
be

ro
fi

ns
ta

nc
es

of
s

re
su

lti
ng

fro
m

th
e

n
in

de
pe

nd
en

ts
el

ec
tio

n
st

ep
s

th
at

cr
ea

te
th

e
en

tir
e

ne
w

ge
ne

ra
tio

n
is

ju
st

n
tim

es
th

is
pr

ob
ab

ili
ty

.
Th

er
ef

or
e,

E
[m

(s
,t

+
1)
]

=
û(
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